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Ecologists' data- cooklng
nice data! \
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Data-cooking in Ecology
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Ecologists' data-cooking
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*Understand how to fit statistical models
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*Use the statistical software Rto

show your data structure
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Statistical software for this course
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GLM and extended GLMs!
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Bayesian models for time series data
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Overview
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Probability distributions and

maximum likelihood estimation
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Simplified examples to learn statistical modeling
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Poisson regression

and generalized linear model
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Model Selection
and Statistical Test
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Logistic regression,

a generalized linear model
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graduate students in ecology

SM public lecture “MCMC and Bayesian modeling” in 2009, 2010
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Use logistic regressions!
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Hierarchical Bayesian model

and MCMC sampling
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A solution: Hierarchical Bayesian GLM
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Modeling of time-series data as

an application of hierarchica

Bayesian modeling!
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Modeling time change data
(short term)
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Latent state model is a better model to know the

characteristics of time-series data
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