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distribution?
That’ s non-sense! Linear model
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File Edit Code View Plots Session Build Debug Tools Help I
Q- & project: (None) -
Console =) | Environment History o
> load("Fig/distribution/data.RData") 2 @ | @ import Dataset~ | o Clear Liste
> summary(data) 2 Globl Environment~
Min. 1st Qu. Median  Mean 3rd Qu.  Max. Data
0.00 2.00 3.0  3.56  4.75  7.00 d 100 obs. of 3 variables 9
> hist(data, breaks = 0:9 - 0.5) Values
y :9, 50 * dpois(0:9, - 3.56), e, = vuffa
{w?:ejgo 9, 50 * dpois(0:9, lambda = 3.56), type = "b", col 00080 data num [1:50] 2246452312 ...
N Functions
1sfont function ()
1sp function (package, all.names = TRUE, pattern.
passwd function (length = 8, cset = c(letters, LETT.
sw function (w)
Files Plots Packages Help Vi
& B zoom  Eexport+ @ Clear All
Histogram of data
°
. @
2
]
S o
g
e
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~
I N
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0 2 4 6 8
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> table(data)
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How to evaluate mean value using R?

> mean(data)

[1] 3.56

> abline(v = mean(data))

His@ ram of data

— (L 000oooooooooon
OooOo o ooo!

8 1P ﬁZ

Frequency
il

”

data

tkb2016b (http://goo.gl/HvRhXn) 000 (00) 0000 2016 (b) 2016-09-18 17 / 42


http://goo.gl/HvRhXn

O0: O0000O00000D0 00000 O000OO000O0000000

goooobooonon

uboooob oboo booboobobooboo:.-o0o0od

> var(data)

[1] 2.9861

000000 0000000000 (Sb = yvariance)

> sd(data)
[1] 1.7280
> sqrt(var(data))
[1] 1.7280
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> data.table <- table(factor(data, levels
> cbind(y = data.table, prob = data.table / 50)

Histogram of data

N 0
2 84 1
g= o 2
Ee 52 3
u: | : 4
- gl” 5
o 2 4 & 8 S0 2 4 & 8 1D 6

data y
7
8
cO0OO0O0O ODUDOODOO O OOOoO o

10

oo ooogd

s ‘000Db00ODbObOO”bOODbOODO

‘0000”7 0000000000000
S kD2016b (nttp://goo gi/ivinin) EEERCEIEEEER I

0:10))

y  prob
1 0.02
3 0.06
11 0.22
12 0.24
10 0.20
5 0.10
4 0.08
4 0.08
0 0.00
0 0.00
0 0.00
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>y <= 0:9 # 000000 (oooo)
> prob <- dpois(y, lambda = 3.56) # 000000000000
> plot(y, prob, type = "b", lty = 2) > # cbind 000000
= ° > cbind(y, prob)

ST e, OO0 (N DO1Bs6000 y prob

9 / “ Poisson disfribution 1 0 0.02843882

a° ° 2 1 0.10124222

S . 3 2 0.18021114

8 | ' 4 3 0.21385056

L e 5 4 0.19032700

§ T T T T — 6 5 0.13551282

(R 7 6 0.08040427

8 7 0.04089132

9 8 0.01819664

10 9 0.00719778
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> hist(data, seq(-0.5, 8.5, 0.5))

> lines(y, prob, type =
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< > # cbind 000000
: > cbind(y, prob)
goﬁ y prob
Ehel 1 0 0.02843882
37 2 1 0.10124222
] ‘ : : : ‘ 3 2 0.18021114
S0 2 4y 6 8 4 3 0.21385056
5 4 0.19032700
6 5 0.13551282
7 6 0.08040427
e 0 NOOOOOOODOOOOODODODOOO 5 7 0.04089132
e JOOOOOODO XOODOOMN>00O 9 8 0.01819664
e J0IODDOOO: A=00 =00 109 0.00719778
° yG{O7 1, 2, -+ oc}DDDDDDDD[I[I y OO0ODOooooono 10
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> py N =1
y=0
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lambda = 2.0 9 lambda = 2.4 B lanbda = 2.8
log L = -121.9 log L = -109.4 log L = -102.0
R e
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o o
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lambda = 3.2 ER lanbda = 3.6 a9 lambda = 4.0
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ER ER
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o o
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-110
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- 00000 (ML estimator): . v;/50
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Poisson Regression, a Generalized Linear Model (GLM)
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