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The main language of this class is
Japanese -+ Sorry

*Why in Japanese? -:- because even in Japanese,

statistics is difficult for Japanese students to
understand.

*I will compensate for language disadvantages
in foreign students when I give grades.

*Questions in English are always welcomed!
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METET UV IRED web page
http://goo.gl/76c4i

484 4% BFIFR T (Advanced Course of Plant Ecology I)
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Statistical Modeling for Ecology, commence on July 6
13:00 - 14:30, Monday and Wednesday
18%: AR (KUBO Takuya) kubo®ees.hokudai. ac. jp.
o BEX— 7Y 2} (Course Mailing List)

— http://goo.gl/f0vCn8 TEHIZHHL T X L.
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~ subscribe at http://goo.gl/£0vCn8 immediately, or you can
not download course handouts.
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Performance Rating

*E-mail assignment (via Mailing List)
*That's ALL!
*Attendance? NOT care.
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What for Statistical
Modeling?
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fhaE U 7L (T
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A1l you depend on statistics

whenever you conclude something based on your data
T—IBAREN LV ERERESH LV
*Crazy data analsys — (razy results
SRETRITDDS A E IR ER DTN
*A lack of statistical knowledge -

no critical reading of papers
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*No “Blackbox” statistics!
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*Don't blindly believe “Significance” !
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eUnderstand how to fit statistical models

to your data T—H(CHTIEHESNDHET
EFIVEESS

*Use the statistical software@ to

show your data structure
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Don't use the normal distribution
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Generalized Linear Model (GLM):

Poisson Regression
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Model Selection and Statistical Test
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Bayesian GLMM and Markov Chain Monte Carlo
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> hist(data, breaks = seq(-0.5, 9.5, 1))
of data
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Poisson regression, a generalized linear model (GLM)
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The Evolution of Linear Models
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