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® Spiegelhalter et al. 1995. BUGS: Bayesian Using Gibbs Sampling version 0.50.

model { # BUGS 0000000 0OOOOODOOOOODOO

for (i in 1:N.sample) {
Y[i] ~ dbin(q[i], N[il)
logit(qlil) <- a + r[il

}

a ~ dnorm(0, 1.0E-4)

for (i in 1:N.sample) {
r[i] ~ dnorm(0, tau)

}

tau <- 1/ (s * s)

s ~ dunif (0, 1.0E+4)
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a
sigma
r[1]
r[2]
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r[4]
r[5]
r[6]
r[7]
r(8]
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r[10]
r[11]
r[12]
r[13]

ubostat2013e (http://go

.031
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.890
.190
.062
.985
.049
.995
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.005

B B O B R R R B B B R O R O O

sd

.357
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.894  8.223
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e S T T T = T S O e e e S

Rhat n.eff
.034 72
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.001 1200
.007 290
.002 1200
.021 130
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.008 320
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.006 320
.001 1200
.001 1200
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