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1. Introduction
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2. The data
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3. Why traditional methods can be misleading
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3-1. Confidence (credible) intervals
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3-2. When parameters are not identifiable
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3-3. Uncertain data
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3-4. Individuals differ
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3-5. The consequences of inappropriate models
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4. Accommodating the stochasticity
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4-1. Uncertain resources
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4-2. Growth varies by location
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4-3. The response varies among individuals
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5. Results
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5-3. Growth uncertainty varies by location (FIG. 1 method 2 0 U [J )
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5-4. The response varies among individuals (FIG. 1 method 3 0 [0 1)
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5-5. Comparing tropic responses
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6. Discussion
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6-1. Alternative structures
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7. Conclusion
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